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ABSTRACT

The core pillars of trust in policies are accuracy, transparency, and explainability. This paper
presents an artificial intelligence (Al)-Digital-twin framework to strengthen these attributes in
public policy. First, we review key tools, such as SDMX-based data standards, nowcasting with high-
frequency data, deep-learning and large language model (LLM) forecasting, explainable Al (XAl),
reinforcement learning optimization, macro-ABM, and ontology. Subsequently, we outline a **four-
stage paradigm—Perception, Generative, Agentic, and Physical Al** —with the World Model as
its centerpiece and describe the application paths for policy. Industry and research trends were
also examined, including the FMP API, LG’s EXAONE-BI, TaxGPT, Salesforce’s Al-Economist, LLM-
based ABM, Explainable Al, EU Al Act, and Palantir Foundry/AIP, alongside ETRI’s development of a
Fiscal and Economic Digital-twin platform. Finally, we discuss the challenges in data infrastructure,
explainability, ethics, and governance, and provide policy recommendations. We conclude that
the paradigm of “Data + Al + Digital Twin = Trusted Policy” offers a decisive foundation for more
scientific, agile, and socially accepted policymaking.
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